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Q1: man petting dog
Arg0: man 
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Arg1: dog
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Q1: man petting dog Q2: woman petting dog

Q4: man petting catQ3: man picking up dog
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Encodes the Relative Positions





Agent Verb Patient Modifier Instrument
Person washes cups in a sink with water
Arg0 Verb Arg1 ArgM-Loc Arg2

Bert Based 
SRL Model





SVSQ: Single Video
TEMP: Temporal Concatenation
SPAT: Spatial Concatenation

Training Grounding 
Systems on a Single Video 
doesn’t generalize at all!

It is very close to a simple 
object detector (which 
would get 0% in both TEMP, 
SPAT cases).



SVSQ: Single Video
TEMP: Temporal Concatenation
SPAT: Spatial Concatenation

Training Grounding 
Systems on a Single Video 
doesn’t generalize at all!

It is very close to a simple 
object detector (which 
would get 0% in both TEMP, 
SPAT cases).





Training withTEMP, SPAT augmentations maintains 
performance on a single video setting, and improves 
generalization.



Training withTEMP, SPAT augmentations maintains 
performance on a single video setting, and improves 
generalization. There remains a considerable gap!



Augmentations with 
randomly sampled 
videos are competitive 
with contrastively 
sampled videos



Interesting to note, 
augmentations with 
randomly sampled 
videos are competitive 
with contrastively 
sampled videos

As expected, Random 
videos are much easier 
than contrastively 
sampled ones!
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